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Abstract: Oil and Gas are the prime factors that play a vital role on any country’s economy, irrespective of being exported or imported. 

In order to ensure the economic growth of any country, it is essential for it to forecast the future need of Oil and Gas and plan the 

production and export accordingly. In this paper, four different types of Grey Forecasting Models namely GFM, FAGFM, MFAGFM 

and RGFM are developed and used to predict the future requirements of Oil and Gas production in the Kingdom of Bahrain. The 

official data released through Annual Report by the National Oil and Gas Authority (NOGA) of Bahrain are taken for this research. 

The developed Grey Forecasting Models are employed to forecast 8 most significant factors presented in the annual reports from 2010 

to 2017, namely Total Oil Production, Crude Oil Imported, Crude Oil Run to Refinery+Feedstock, Refinery Production, Local Sales, 

Aviation Jet-fuel, Petroleum Product Export and Total Gas Production for the year 2025. The results of simulation studies are 

encouraging to see that the Kingdom progressing towards achieving its Vision 2030. The accuracy of forecasts are assessed using the 

Average Relative Percentage Error (ARPE) performance measure. 

 

Keywords: Grey Forecast Model (1,1), Rolling Grey Forecast Model (1,1), Grey Prediction, Forecast accuracy, Average Relative 

Percentage Error, Firefly Algorithm. 

1. INTRODUCTION  

The demand for Oil and Gas is continuously on 

their high across the globe for many decades in spite of the 

initiatives by countries on renewable and sustainable 

energies by pulling out oil from the power generation 

sector. The domestic economy of any country is directly 

or indirectly impacted by the import and/or export of oil 

and gas [1]. It has been reported in many studies that the 

Oil and Gas will continue dominating the energy market 

throughout the 21st century [2]. The oil is an 

internationally traded commodity but gas cannot not be 

traded internationally due to cost and means of 

transportation of it. [3]. It has been reported that the oil and 

gas markets will be different than the past and present [4] 

due to many factors including the geopolitics. However, 

the aim of any country’s lawmakers needs to be always to 

maximize the social benefit out of its energy resources [5]. 

The future growth of source of crude oil published in 2013 

by International Energy Agency (IEA) for the period of 

2012-2035 shows that only the countries of Middle East 

will have the increasing growth [4]. It is stated in BP 

Statistical review of 2019 that Production of Oil and Gas 

by the Middle East is 33% and 17% respectively, of the 

world’s production [6]. 

The Kingdom of Bahrain is the first country in 

the region of Middle East which discovered its first oil 

well in the early 1930’s. The energy required for Bahrain 

is generated from its own Oil and Gas resources. The 

Economic Vision 2030 of Bahrain mainly focuses on 

sustainability, competitiveness and fairness through 

becoming a non-oil dependent economy, benefiting its 

people by its robust growth of economy, efficient and 

effective government with high quality policies and the 

thriving society [7]. The government and authorities have 

been developing and implementing plans and strategies in 

order to achieve this Vision by 2030. One of the key 

focusses of Vision 2030 is sustainability, which comprises 

of economic, environmental and social components [8]. 

One of the factors that dictates the economic growth of the 
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country is its natural resources such as Oil and Gas, etc. . 

Hence, it is necessary to continuously monitor the Oil and 

Gas production, export and revenue gained through it 

during the past, present and future to ensure the economic 

growth. In order to keep a track of factors influencing the 

economy and foresee their future, there are many 

techniques employed. The related literature were surveyed 

and found that Grey System Theory has been extensively 

used for this and related purposes. They are presented 

briefly below. 

Grey Models have been proposed to predict the 

pressure status of gas reservoir, gas well and oil reservoirs, 

oil production and gas production [9]. A special type of 

Grey Model (GM) called FSIGM has been employed to 

forecast the future oil consumption in China [10]. A time-

delayed polynomial fractional order grey model has been 

used to allocate optimum oil-gas field to improve the 

production [11]. Various methods published for 

forecasting the consumption of Gas have been 

consolidated in the review [12]. In this research review, 

the methods of prediction, variables being predicted, the 

horizon of prediction and etc. used in the prediction 

methods have been reviewed in detail. Numerical structure 

and numeric value of seismic data are taken in to 

consideration to predict the condition of gas reservoir 

using Grey Models [13]. Gas consumption and fuel 

production in china have been forecasted using improved 

Grey model of prediction in [14] and [15] respectively. 

The former model uses the principle of new information 

priority and the later uses the generalized stepwise ratio.  

The trend and potency tracking method has been 

developed to model a Grey prediction Model [16] and a 

non-parametric incremental learning algorithm [17] for the 

prediction of small size of data sets of manufacturing..  

Other prediction models found in the recent 

literature on various fields of application are, Grey Wave 

Model for prediction of Trade volume of China [18], GM 

and Nonlinear Bernoulli Grey Model for Economic 

forecasting in Taiwan [19], Grey Predication Model to 

predict the emission of CO2, consumption of energy and 

growth of economy in Brazil [20], Grey Model optimized 

by Genetic Algorithm (GA) for forecasting the trend and 

output of IC industry of Taiwan [21], Nonlinear Grey 

Bernoulli Model to forecast the rates of foreign exchange 

of major trading partners of Taiwan [22], Rolling Grey 

Model for prediction of production of Taiwan’s 

semiconductor industry [23], GA based Grey model for 

forecasting the output of Taiwan’s Opto-electronics 

industry [24], Hybrid Grey Forecast Model for forecasting 

the output values of Taiwan’s Industrial Park [25], Grey 

and Verhulst models for prediction of rainfall and water 

level in dam in Thailand [26], Nonlinear Grey Bernoulli 

Model for predicting the pressure under the working 

surfaces in mines in China [27], Artificial Bee Colony 

optimized Rolling Grey Model for predicting the 

spontaneous combustion in coal stockpiles of an electric 

plan in China [28], improved grey model with modified 

background value for energy management in China [29] 

and Grey and Modified Grey prediction models for 

forecasting the generation and consumption of electricity 

in Bahrain [30]. 

It has been found from the literature survey that 

the use of Grey models have resulted a good forecast of 

future status from the past available data of any factor 

being considered. In this paper, four Grey Forecasting 

Models (GFM) namely a simple GFM, a Firefly Algorithm 

optimized GFM (FAGFM), a Modified Firefly Algorithm 

optimized GFM (FAGFM) and a Rolling GFM (RGFM) 

are developed to forecast the production of Oil and Gas in 

the Kingdom of Bahrain. The relevant data for the period 

of 2010 to 2017, published in the annual reports by 

National Oil & Gas Agency (NOGA) of Kingdom of 

Bahrain are used for this study [31].  

The further contents of this paper are organized as 

follows. The proposed GFM, FAGFM, MFAGFM and 

RGFM are described in the following section which is 

followed by the data of NOGA from 2010 to 2017 being 

summarized. Then, the obtained results of proposed 

forecast models are presented with detailed analysis. 

Finally the paper is concluded with further possible scopes 

for extending this research. 

2. GREY FORECASTING MODELS 

Grey Forecast Models are extensively used for 
prediction of future values in almost all areas of technical 
research [32]. Grey Models (GM) are capable of handling 
the uncertainties and incompleteness existing in the 
available data [33]. The mathematical model of Grey 
Model is typically denoted as GM (m,n) with m 
representing the order of differential equation used to 
represent the model having n number of input variables in 
it [34]. One important fact always to be noted is that the 
GM can be used for forecasting the series of data 
containing only positive elements and at least 4 samples. 

A. Grey Forecasting Model (GFM) 

The most simple GFM can be represented as 

GFM (1,1), which is a first order model with single 

variable. The model of GFM (1,1) is derived as follows. 

Considering an actual positive data series  
  nX a

 represented as,  

     4n;)n(x),......2(x),1(xnX )a()a()a(a   (1) 

 An operation called Accumulation Generation 

(AG) is performed on the actual sequence in order to 

reduce the randomness present in it. 

   n,.....2,1m;)i(xmX
m

1i

)a(AG 


  (2) 

The result of AG operation yields,  
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           nx,.....,2x,1xX AGAGAGAG     (3) 

Further, the mean sequence of 
 AGX can be 

obtained as,  
           nx,.....,2x,1xX

AG
m

AG
m

AG
m

AG
m    (4) 

Where, 
            n...3,2k,1kxP1kxPkx

AG
m

AG
m

AG
m 

       (5) 

The value of P in equation (5) is usually taken as 0.5. 

For the sequences presented in equations (1), (3) 

and (4), the GFM (1,1) can be represented as a differential 

equation of order 1 with time variable ‘t’,    

     hXgX
dt

d AGAG       (6) 

Where, ‘g’ is developing coefficient and ‘h’ is 

grey input. 

 

Writing the equation (6) in a difference equation 

form, 
      hkXgkX

AG
m

a      (7) 

By employing the least squares method, the 

estimates of model parameters can be obtained as,  
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Solving the equation (6) to obtain the forecasted 

output at the instant ‘k’ yields, 
 

        n,....2k,
g

h
e
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1xkx 1kga
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      (9) 

It is to be noted that, 
     1x1x aAG               (10) 

The equation (9) gives the forecasted AG value 

at the instant ‘k’. In order to get the actual forecasted data 

at ‘k’, Inverse of AG (IAG) operation has to be performed 

as,  
        1kxkxkx AGAGa                  (11) 

Therefore, the actual forecasted value at ‘k’, can 

be obtained by using equation (9) in equation (11) as, 
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B. Rolling Grey Forecasting Model (RGFM) 

In actual cases of prediction, usually the oldest 

data has relatively least impact on the future values. 

Hence, by using the latest data and ignoring the oldest data 

to compensate it, the accuracy of forecasting can be 

improved further [24]. This ensures maintaining the same 

number of data points being used for the forecast. This 

method of modifying the GFM is termed as Rolling GFM 

(RGFM). 

Building a RGFM is described as follows. 

For the given actual data sequence of size ‘n’, the 

forecasted data at ‘n+1’ can be obtained as, 
 

        

g

h
e

g

h
1xe11nx ngag

a









 



         (13) 

In order to build a RGFM, the first data point in 

the actual data sequence is removed and the forecasted 

data point at ‘n+1’ is appended at the last [24], thereby 

ensuring that there is no change in the size of the data 

sequence, as shown in equation (14).  

  













 )1n(x),n(x......),2(xnX
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1R               (14) 

Then, this new data sequence in (14) is used as 

the actual data to forecast the data at ‘n+2’, as given in 

(15).  

 

  













 )2n(x),1n(x),..3(xnX

)a(^)a(^
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2R          (15) 

This process can be stopped when reaching the 

required number of instants for which the forecast is 

needed.  This idea of RGFM is depicted in Figure 1. 

 

 
Figure 1.  Rolling Grey Forecast Model 
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C. Firefly Algorithm optimized Grey Forecast Model 

(FAGFM) 

Yet another way to improve the accuracy of 

forecast is to find the optimum value of ‘P’ that is used in 

the equation (5), which is usually set as 0.5. There are 

researches which address on selecting an appropriate value 

for ‘P’ using different methodologies [21-24, 28-29]. 

Optimization algorithms such as Genetic Algorithms (GA) 

[21, 24] and Artificial Bee Colony Algorithm [28] have 

also been employed for choosing an optimum value of ‘P’ 

with the objective of minimizing the forecasting error.   

Firefly Algorithm (FA) is a popular and well-

received method of swarm intelligence, introduced by 

Yang [35]. FA is capable of dealing with non-linear and 

multi model problems of optimization with faster 

convergence than its counterparts [36] and searching 

globally in the spaces of large dimensions [37]. The 

flashing light emitted by the fireflies is used as a 

communication signal by them to attract their prey, 

matting partner and means for warning others. The 

intensity of this flashing light increases when the square of 

distance decreases and thereby the attractiveness too. This 

phenomenon is utilized to formulate the objective function 

of FA optimization [36-37]. Three parameters are used to 

control the performance of FA, namely the randomization 

parameter, absorption coefficient and the attractiveness. 

The algorithm of FA is presented in Figure 2. 

 

Figure 2.  Firefly Algorithm Flow chart 

In the proposed FAGFM, FA is used to find the 

optimum value of ‘P’ for which the forecasting error will 

be minimum. The Average of Relative Percentage Error 

(ARPE), given in equation (16) is considered as Objective 

function for FA to minimize.  

%100
)m(x

)m(x)m(x

n

1
ARPE

n

1m )a(

)a(^
)a(




  
              (16) 

Where,
)m(x

)m(x)m(x
)a(

)a(^
)a( 

is Relative Error (RE). 

The other parameters of FA considered in this 

research are listed in Table I. 

TABLE I.  FIREFLY ALGORITHM PARAMETERS 

Number of Fireflies 500 

Randomization parameter  0.8 

Attractiveness  0.5 

Light absorption coefficient  1 

Total number of Evaluations 100 

 

D. Modified Firefly Algorithm optimized Grey Forecast 

Model (MFAGFM) 

In the basic GFM described earlier, the parameter 

‘P’ is taken as 0.5 to find the background value in Equation 

(5). This means that the average of two consecutive values 

are taken as ‘P’, irrespective of the nature and amount of 

change from the former value to the later one. Hence, in 

the proposed FAGFM, the optimum value of ‘P’ is found 

using the FA with an objective function of minimizing the 

ARPE. Here again, the optimum value of ‘P’ is used in 

common for the whole data sequence without concerned 

about the nature and amount of change between two 

consecutive values of the data. In order to improve the 

forecasting accuracy further, in this section, a novel 

Modified Firefly Algorithm optimized Grey Forecast 

Model (MFAGFM) is proposed, Here, instead of using a 

single optimum value of ‘P’ across the whole input data, 

the novel idea of using individual optimum ‘P’ values is 

used by finding ‘P’ for each couple of consecutive values 

in the given input data. This newly proposed approach is 

explained below. 

For the mean sequence 
 AG

mX given in Equation 

(5), the optimum values of ‘P’ found by FA are 

represented as, 

   1P0,P,.....,P,PP 1n21                 

(17) 

The obtained optimum values of ‘P’ using FA are 

used to find the background value as,  
    

         
n...3,2k

,1kxP1kxPkx
AG

m1k
AG

m1k
AG

m



 

                                (18) 
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This method of using individual optimum values 

of ‘P’ improves the forecast accuracy further than using a 

single optimum ‘P’ value for the whole input data. 

 

3. NATIONAL OIL & GAS AGENCY (NOGA) 

DATA OF KINGDOM OF BAHRAIN 

The National Oil & Gas Authority of Bahrain is a 
government organization established in 2005 in order to 
look after all affairs related to Oil and Gas related 
businesses in the Kingdom. NOGA publishes the annual 
report every year in its official website www.noga.gov.bh. 
The data pertaining to the production of Oil and Gas and 
their consumption, have been extracted from these 
published annual reports from the year 2010 to the latest 
available annual report of the year 2017. The various 
factors that are extracted for consideration in this research 
are namely Total Oil Production (TOP), Crude Oil 
Imported (COI), Crude Oil Run to Refinery+Feedstock 
(CORRF), Refinery Production (RP), Local Sales (LS), 
Aviation Jet-Fuel (AJF), Petroleum Product Export (PPE) 
and Total Gas Production (TGP). The extracted data of 
these eight factors for the period of 2010 to 2017 are 
consolidated and presented in Table II. There are few slight 
differences found in the entries in the published annual 
reports, in such cases the latest entries are considered. 

TABLE II.  OIL AND GAS STATISTICS ( IN MILLION BARRELS) 

 

4. FORECASTING THE PRODUCTION AND 

CONSUMPTION OF OIL AND GAS IN KINGDOM OF 

BAHRAIN 

The models of GFM (1,1), FAGFM (1,1), MFAGFM 
(1,1) and RGFM (1,1) have been built and simulated for 
forecasting the values of the listed factors of Table 2. The 
forecasted values of these factors for the years 2011 to 2017 
are obtained and compared with their actual values to 
access the accuracy of forecasts. The APRE given in 
equation (16) is found for this purpose. Further, the 
forecasted values for the years 2020 to 2025 are obtained 
and presented in the next section. 

5. RESULTS AND DISCUSSION 

The obtained results of forecasts by GFM (1,1), 
FAGFM (1,1), MFAGFM (1,1) and RGFM (1,1) are 
compiled and presented in Table 3. 

 

 

 

 

TABLE III.  FORECASTED RESULTS OF GREY FORECASTING 

MODELS 

 

 
 

The actual values and forecasted values of all factors 
are compared and shown graphically in Figures 3 (a) to (h). 
The forecasted values from 2020 to 2025 are also included 
in these figures. Where ever needed, a portion of plot is 
magnified and shown as subplot to show the difference in 
forecasted results of all models. 

 
(a) Total Oil Production 

 
(b) Crude Oil Imported 
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(c) Crude Oil Run to Refinery + Feedstock 

 
(d) Refinery Production 

 
(e) Local Sales 

 
(f) Aviation Jet-fuel 

 
(g) Petroleum Product Export 

 
(h) Total Gas Production 

Figure 3.  Actual and Forecasted data from 2010 to 2025 

 
From the above figures it is found that the forecasting 

ability of proposed MFAGFM is more accurate than the 
other forecasting models namely GFM, FAGFM and 
RGFM, when the input data has more fluctuations. 
However, when the mean of fluctuation is close to zero 
(figure f), the ARPE has increased and thereby the accuracy 
of forecast has decreased compared to the other models. 
When the input data has less fluctuations (figures e and h), 
the MFAGFM performs much closer to the other models. 
The values of ARPEs in Table 3 also proves that the 
MFAGFM is more promising for the data which are 
changing drastically over the period time. 

The RGFM results show that it performs much better 
than the other three models, when the fluctuations in input 
data is less or mean of fluctuation is close to zero. Hence it 
can be inferred from the results that the proposed 
MFAGFM is better for forecasting the data which is more 
fluctuating and the RGFM is effective when the data has 
less fluctuations and/or the average of fluctuations is close 
to zero. 

In order to show the accuracy of forecast, the ARPE 
performance measure is found for all the four GFMs and 
shown in Figure 4. 



 

 

 Int. J. Com. Dig. Sys. 13, No.1, 475-484 (Mar-23)                        481 

 

 
http://journals.uob.edu.bh 

 

 
Figure 4.  Average Relative Percentage Error of forecasts 

The criteria for evaluation of performance of the 
proposed models is given in Table 4 [21, 24, 30]. Referring 
to the Table 4 shows that forecasts of all the four proposed 
GFMs are excellent in their forecasting ability, because the 
ARPE for all the GFMs are less than 10%. 

TABLE IV.  CREITERIA FOR EVALUATION OF FORECASTING 

ABILITY 

Range (%) Forecasting ability 

0  ARPE  10 Excellent 

10 < ARPE  20 Good  

20 < ARPE  50 Reasonable  

50 < ARPE  Poor  

 

The evaluated ARPE values of results of 

experiments are presented in Figure 4. This figure shows 

that the simple GFM and the RGFM are efficient in 

dealing with the TGP data which is in sigmoidal nature and 

LS data which has least changes over the years.s The 

proposed MFAGFM is most accurate among all in 

forecasting the data, such as TOP, COI, CORRF, RP, AJF 

and PPE, which are continuously changing (both increase 

and decrease) in nature. But it is relatively less accurate 

for the LS data which has very less changes over the years. 

For the data which are continuously decreasing (AJF), the 

RGFM model is a suitable one for forecasting with least 

ARPE.  

 

The overall forecasted changes in the NOGA data 

for the year 2025 are obtained in percentage and presented 

in Figure 5. It shows that there will be approximately 60% 

increase in Total Gas Production expected by the year 

2025.  Other large increases forecasted are the Local sales 

which is nearly 35 % and the Total Oil Production which 

is nearly 15 %. Other factors such as Total Oil Production, 

Crude Oil Run to Refinery + Feedstock, Refinery 

Production and Petroleum Product Export are expected to 

increase by a mere amount. 

 

Figure 5.  Forecasted percentage change from 2018 to 2025 

On the other hand, it is forecasted that the Aviation Jet 
Fuel demand will decrease by around 13% and the Crude 
Oil Import will decrease by about 4%. 

6. CONCLUSION  

Four different Grey Forecast Models namely a 

simple GFM, a Firefly Algorithm Optimized GFM, a 

Modified Firefly Algorithm Optimized GFM and a 

Rolling GFM are proposed for forecasting the future 

demand of Oil and Gas production and consumption in the 

Kingdom of Bahrain. Relevant data published by the 

National Oil and Gas Authority, Kingdom of Bahrain, for 

the period of 2010 to 2017 are taken for this research. 

Eight most influential factors have been considered for the 

forecasts. The forecasting performance of the proposed 

GFMs are evaluated against the standard criteria using the 

Average Relative Percentage Error of forecast and all the 

four models are found to be excellent in forecasting 

accuracy. It has been found that the data being considered 

in this research are of different natures such as slightly 

varying, highly varying, only increasing, only decreasing 

and both increasing and decreasing for the given period. 

The proposed GFM and RGFM are found to be most 

accurate for the data which are sigmoidal and least 

changing in nature. The optimized GFMs namely FAGFM 

and MFAGFM are more accurate in forecasting 

continuously changing (increasing and decreasing) data. 

The RGFM is a best model for continuously decreasing 

data. Being the first team pursuing research to attempt 

forecasting such most significant data of the Kingdom of 

Bahrain, the obtained excellent performance of the GFMs 

encourages to look for avenues for further modifications 

to build a generalized forecasting model which can 

efficiently forecast data of all natures. 

 

 

 



  

 

482         Manivanna Boopathi et al: Forecasting Oil and Gas Production and Consumption in Kingdom of Bahrain using … 

 

 
http://journals.uob.edu.bh 

 

REFERENCES 

[1] S.I. Humbatova and N.Q.O. Hajiyev, “Oil Factor in Economic 
Development”, Energies, vol. 12, no. 8, pp. 1573, 2019. 

[2] S. M. R. Jahangir and B.Y. Dural, “Crude oil, natural gas, and 
economic growth: impact and causality analysis in Caspian Sea 
region”, International Journal of Management and Economics, vol. 
54, no. 3, pp. 169–184, 2018 

[3] P. Stevens, “The Role of Oil and Gas in the Economic Development 
of the Global Economy”, In Extractive Industries: The 
Management of Resources as a Driver of Sustainable Development: 
Oxford University Press, 2018.  

[4] P. Stevens, “The role of oil and gas in the development of the global 
economy”, WIDER Working Paper, no. 2016/175, 2016. 

[5] P.J.G. Pearson and P.J. Stevens, “Integrated Policies for Traditional 
and Commercial Energy in Developing Countries”, Development 
Policy Review (SAGE, London, Beverly Hills and New Delhi), vol. 
2, pp. 131-53, 1964. 

[6] BP Statistical Review – 2019, 
https://www.bp.com/content/dam/bp/business-
sites/en/global/corporate/ pdfs/ energy-economics/statistical-
review/bp-stats-review-2019-middle-east-insights.pdf. (Accessed 
on 29.03.2020) 

[7] The Economic Vision 2030 for Bahrain: www.bahrain.bh › wps › 
portal › bahrain2030_en (Accessed on 29.03.2020) 

[8] H.A. Abazi, B.A. Chaushi, A. Chaushi and H.A. Tanevska, 
"Identifying factors that influence sustainable development: the 
case of Macedonia", Socio–Economic Perspectives in the Age of 
XXI Century Globalization, pp. 525-538, 2017. 

[9] L. Pingyi and L. Dachang, Grey System Method for predicting 
Performance of Oil and Gas Fields (Wells), SPE International 
Meeting on Petroleum Engineering, Tianjin, People's Republic of 
China, 1-4 November, 1988 

[10] H. Duan, G.R. Lei and K. Shao, "Forecasting Crude Oil 
Consumption in China Using a Grey Prediction Model with an 
Optimal Fractional-Order Accumulating Operator", Complexity, 
2018. 

[11] L. Chen, Z. Liu and N. Ma, "Optimize production allocation for the 
oil-gas field basing on a novel grey model", Journal of Natural Gas 
Geoscience, vol. 4, pp. 121-128, 2019. 

[12] D. Šebalj, J. Mesarić and D. Dujak, "Predicting Natural Gas 
Consumption – A Literature Review", Proceedings of the Central 
European Conference on Information and Intelligent Systems, 
Varaždin, Croatia, 2017, pp. 293-300. 

[13] W. Shangxu and L. Changrong, "The Analysis of Seismic Data 
Structure and Oil and Gas Prediction", Applied Geophysics, vol. 1, 
No. 2, 2004. 

[14] L. Wu, S. Liu, H. Chen, and N. Zhang, "Using a Novel Grey System 
Model to Forecast Natural Gas Consumption in China", 
Mathematical Problems in Engineering, 2015. 

[15] W. Zhou and J.M. He, "Generalized GM (1, 1) model and its 
application in forecasting of fuel production", Applied 
Mathematical Modelling, vol. 37, pp. 6234–6243, 2013. 

[16] C.W. Yeh, C.J. Chang and D.C. Li, "A Modified Grey Prediction 
Method to Early Manufacturing Data Sets", Proceedings of the 
International MultiConference of Engineers and Computer 
Scientists, vol. I, Hong Kong, 2009. 

[17] D.C. Li and C.W. Yeh, "A non-parametric learning algorithm for 
small manufacturing data sets", Expert Systems with Applications, 
vol. 34, pp. 391–398, 2008. 

[18] K. Yin, D. Lu and X. Li, "A Novel GreyWave Method for 
Predicting Total Chinese Trade Volume", Sustainability, vol. 9, pp. 
2367, 2017. 

[19] C.Y. Huang, C.Y. Lu and C.I. Chen, "Application of Grey Theory 
to the Field of Economic Forecasting", Journal of Global 
Economics, vol. 3, no. 1, 2014. 

[20] H.T. Pao and C.M. Tsai, "Modeling and forecasting the CO2 
emissions, energy consumption, and economic growth in Brazil", 
Energy, vol. 36, pp. 2450-2458, 2011. 

[21] C.H. Wang and L. C. Hsu, "Using genetic algorithms grey theory 
to forecast high technology industrial output", Applied 
Mathematics and Computation, vol. 195, pp. 256–263, 2008. 

[22] C.I. Chen, H.L. Chen and S.P. Chen, "Forecasting of foreign 
exchange rates of Taiwan’s major trading partners by novel 
nonlinear Grey Bernoulli model NGBM(1,1)", Communications in 
Nonlinear Science and Numerical Simulation, vol. 13, pp. 1194–
1204, 2008. 

[23] S.C. Chang, H.C. Lai and H.C. Yu, "A variable P value rolling Grey 
forecasting model for Taiwan semiconductor industry production", 
Technological Forecasting & Social Change, vol. 72, pp. 623–640, 
2005. 

[24] L.C. Hsu, "Using improved grey forecasting models to forecast the 
output of opto-electronics industry", Expert Systems with 
Applications, vol. 38, pp. 13879–13885, 2011. 

[25] C.C. Sun and G.T.R. Lin, "Hybrid Grey forecasting model for 
Taiwan's Hsinchu Science Industrial Park", HJournal of Scientific 
& Industrial Research, vol. 68, pp. 354-360, 2009. 

[26] C. Puripat and S. Sarikavanij, "The Comparison of Grey System 
and the Verhulst Model for Rainfall and Water in Dam Prediction", 
Advances in Meteorology, 2018. 

[27] T. Zhong, W. Guo, D. Wang and Y. Du, "A Novel Nonlinear Grey 
Bernoulli Forecast Model NGBM(1,1) of Underground Pressure 
for Working Surface", Electronic Journal of Geotechnical 
Engineering, vol. 16.S, pp. 1441-1450, 2011. 

[28] G. Peng, H. Wang, X. Song and H. Zhang, "Intelligent management 
of coal stockpiles using improved grey spontaneous combustion 
forecasting models", Energy, vol. 132, pp. 269-279, 2017. 

[29] Z. Chena and X. Wanga, "Applying the Grey Forecasting Model to 
the Energy Supply Management Engineering", Systems 
Engineering Procedia, vol. 5, pp. 179 – 184, 2012. 

[30] A.M. Boopathi, V. Subha, E.A.M. Ali and A. Abudhahir, 
"Forecasting the Generation and Consumption of Electricity and 
Water in Kingdom of Bahrain using Grey Models", International 
Journal of Computing and Digital Systems, in press. 

[31] www.noga.gov.bh/noga/publications.aspx 

[32] A. M. Boopathi and A. Abudhahir, Design of Grey-Verhulst 
Sliding Mode Controller for Antilock Braking System, 
International Journal of Control, Automation and Systems, vol. 14, 
no. 3, pp. 763-772, 2016. 

[33] S. Liu, Y. Lin, “Grey information: theory and practical 
applications”, Berlin, Springer, 2006. 

[34] J. L. Deng, “Control problems of grey system,” System and Control 
Letters, vol. 1, no. 5, pp. 288-294, 1982. 

[35] Yang, X.S. 2010. Nature-inspired metaheuristic algorithms. 2nd 
edition, Luniver Press, UK. 

[36] A.M. Boopathi and A. Abudhahir, Firefly algorithm tuned fuzzy 
set-point weighted PID controller for antilock braking systems”, 
Journal of Engineering Research, vol. 3, no. 2, pp. 1-6, 2015. 

[37] E.A. Ali, A. Abudhahir and A.M. Boopathi, “Firefly Algorithm 
Tuned PI Controller for Pressure Regulation in PEM Fuel Cells”, 
Journal of Computational and Theoretical Nanoscience, vol. 15, no. 
3, pp. 845-853, 2018. 

 
[38] G. Eason, B. Noble, and I. N. Sneddon, “On certain integrals of 

Lipschitz-Hankel type involving products of Bessel functions,” 
Phil. Trans. Roy. Soc. London, vol. A247, pp. 529–551, April 1955. 
(references) 

[39] J. Clerk Maxwell, A Treatise on Electricity and Magnetism, 3rd ed., 
vol. 2. Oxford: Clarendon, 1892, pp.68–73. 



 

 

 Int. J. Com. Dig. Sys. 13, No.1, 475-484 (Mar-23)                        483 

 

 
http://journals.uob.edu.bh 

 

[40] I. S. Jacobs and C. P. Bean, “Fine particles, thin films and exchange 
anisotropy,” in Magnetism, vol. III, G. T. Rado and H. Suhl, Eds. 
New York: Academic, 1963, pp. 271–350. 

[41] K. Elissa, “Title of paper if known,” unpublished. 

[42] R. Nicole, “Title of paper with only first word capitalized,” J. Name 
Stand. Abbrev., in press. 

[43] Y. Yorozu, M. Hirano, K. Oka, and Y. Tagawa, “Electron 
spectroscopy studies on magneto-optical media and plastic 
substrate interface,” IEEE Transl. J. Magn. Japan, vol. 2, pp. 740–
741, August 1987 [Digests 9th Annual Conf. Magnetics Japan, p. 
301, 1982]. 

[44] M. Young, The Technical Writer's Handbook. Mill Valley, CA: 
University Science, 1989. 

 

 

Dr. Manivanna Boopathi. A 
graduated in Instrumentation 

and Control Engineering from 

Madurai Kamaraj University, 

India in 1997. He was awarded 

Master degree in Control System 

Engineering by Jadavpur 

University, Kolkata, India and 

Ph.D. in Electrical Engineering 

(Control System) by Anna 

University, Chennai, India in 

2002 and 2016 respectively. He is a Senior Member of 

IEEE and his research areas include Nonlinear control, 

Adaptive control, Fuel Cell control and Data Mining. 
 

 

 Dr. Mohamed Ali. EA has 

completed his Ph.D. in 

Information and 

Communication Engineering 

from Anna University, Chennai, 

India. He worked as a lecturer at 

RVS College of Engineering 

and Technology, India from 

2001 to 2007. He is currently 

working as an Associate 

Professor and Head of 

Electronics and Communication 

Engineering Department, Nellai College of Engineering, 

India. He has published more than 25 journal and 

conference papers. His research interests include process 

system engineering, renewable energy systems, hybrid 

vehicle systems, signal and image processing.   
 

 Dr. Subha Velappan 
graduated in Electronics and 

Communication Engineering 

from Bharathiyar University, 

Coimbatore, India, in 2000. She 

was awarded Master in 

Engineering (Computer Science 

and Engineering) and Ph.D. by 

Manonmaniam Sundaranar 

University, Tirunelveli, India, in 

2002 and 2017 respectively. She 

has published more than 45 

research papers in National and International Journals and 

conferences. Presently, she is supervising four research 

scholars on their research towards Ph.D. degree in Data 

Mining and Image processing areas. 
 

 

Dr. A. Abudhahir is presently 

working as Professor in the 

Electronics and Instrumentation 

Engineering department of 

B.S.Abdur Rahman Crescent 

Institute of Science & 

Technology, Chennai. He served 

as the Director (Quality 

Assurance) and Dean (Freshman 

Engineering) at Vel Tech 

Rangarajan Dr.Sagunthala R&D 

Institute of Science and 

Technology, Chennai for five years and  Professor & Head 

at National Engineering College, Kovilpatti for 18 years. 

He received B.E. (Instrumentation and Control) degree 

and M.E.E. (Measurement and Instrumentation) degree in 

1996 and 2001 from Madurai Kamaraj University and 

Jadavpur University, Kolkata respectively. He completed 

Ph.D. degree at Anna University, Chennai in 2009. Ten 

candidates completed Ph.D degree under his supervision 

at Anna University, Chennai in the areas such as Image 

processing, Instrumentation, Control systems, 

Optimization and Non-destructive testing. He has 

published more than 50 research papers in National and 

International Journals and conferences and also completed 

a research project sponsored by the Department of Atomic 

Energy (DAE) – Board of Research in Nuclear Sciences 

(BRNS), Government of India in collaboration with Indira 

Gandhi Centre for Atomic Research (IGCAR), 

Kalpakkam. As a resource person, he delivered more than 

300 lectures on “Outcome Based Education & 

Accreditation” and “CDIO curricular framework” in the 

seminars and workshops organised by various higher 

educational institutions in India. He was one of the 

members in the expert team of National Board of 

Accreditation (NBA), New Delhi and developed 2013 



  

 

484         Manivanna Boopathi et al: Forecasting Oil and Gas Production and Consumption in Kingdom of Bahrain using … 

 

 
http://journals.uob.edu.bh 

 

version accreditation manual which led NBA, New Delhi 

to become a signatory member in Washington Accord. 
 

 

 

 

 


